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“We have not experimented with this yet,
as the computation seems challenging due
to the presence of /3norms.”

(Tay, Friedman, Tibshirani, PCA-Lasso 2018)
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3. Proposed method
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Proximal gradient descent

pitl = proxng(xt —nV f(z"))



Proximal gradient descent
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Gradient descent

pitl = proxng(a:t —nV f(z"))

flat) ~ min f(o) =0 (1= F))

Linear rate
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Stochastic decoupling
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4. Convergence rates
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Convergence
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